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Task

Task: automatically predict genres
of Dutch newspaper articles

Data: 2,930 Dutch newspaper

articles with 16 different genre
labels

Examples of genre labels: news,
column, editorial, interview




Results

Previous work: Harbers and Loni]

2017) obtained 65% accuracy on
this task

Our method: machine learning
MLP, NB, RF, SVM

Result: 70% accuracy with SVM
interannotator agreement: 77%




Application

We want to use the distribution of
genres over time (1955-1995) to
study the effects of deplillarization
of Dutch newspapers

The quality of the proposed genre
labels should be very good, In
particular: their predicted
distributions should be excellent
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Question

Can you convince us that the genre prediction system
works well enough to base our future studies on?



Approach

1.0pen the genre classification system
2. Look for components that could Iintroduce bias

3. Improve the transparency of the system with data
visualizations

We have bullt a platform supporting step 3
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Example of important features for genre class comparisons: Interview (blue) vs Reportage (red)

named entities perc

Intensifiers _perc

unigue _named_entities perc
number perc
exclamation marks perc
avg sentence length
digits perc

pronoun_2 perc

cogn verbs perc

modal adverbs perc
Sentiment__ polarity
modal verbs perc
question _marks perc
adjectives perc
pronoun_1_perc

direct quotes perc

sentences

pronoun 3 perc




Visual explanation of genre class choice based on feature values

Explanation for Article 79 using SVC BOW N3BGS

SVC BOW N3BGS predicts Fictie. Actual genre is Fictie.
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Visual explanation of genre class accuracies and genre class confusion
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Articles per genre per year
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Gold standard data
Machine labeled data



Current state of the project

The domain scientists regard the current quality of the predicted genre
labels as too low to be used as a basis for further study

This involves both the label accuracy and the provided explanations
for the labels



Directions of current work

1. Collect more training datato improve model accuracy
2. Employ word vectors to overcome lack of training data
3. Look for better features, to generate better explanations

4. Evaluate alternative more advanced machine learners



Concluding remark
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